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This study focused on the development of Al (artificial intelli?ence)
systems for agricultural robots. As in many Japanese hilly and mountainous areas, the signal of GNSS
cannot always be stably received, a visual-based navigation system has been developed for an
autonomous agricultural robot. In order that the robot can recognize the surrounding scene and
safely collaborate with workers, we have developed some types of Al systems, such as self-position
detection systems, environmental map generation systems, robot navigation systems, agricultural
major objects recognition and mapping systems, and worker assistance timing decision system, for
agricultural robots in this study.
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